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Estimating joint attention shared by multiple people - [ Acton 25 _ = K Estimate the joint attention confidence pixelwise
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P-1. No contribution weights of people
People are equally weighted for joint attention estimation
P-2. No expllmt Interaction among people attributes Experimental setting Quantitative results
Interactions among people attributes are neglected A oy | He — ethod Dist [ [ Thi=30 7 | Thi=60 T | Thi=90 7
‘ 5:‘* vy LExL [ Lg.a | Pr Prinimage | Pr _ ISA [2] (Ex.1) 70.1 60.7 69.7 75.9
Caze V 0 Ex.2 l, g, a GT Prin GT body GT ICEI DAVT [1] (EX]) 72.0 62.0 72.8 78.6
Gaze . 2 . -~ = [ Ex1| Lg |- Pr in image - = Ours (Ex.1) 56.0 64.5 76.8 83.0
distribution jie ¢ - il V4 I B2 Tg |- |oT - > ISA[2] (Ex2) | 487 46.0 79.1 92.8
& ‘ b . DAVT [1] (Ex.2) | 774 59.7 69.7 76.6
. Ours (Ex.2) 11.4 96.3 98.9 99.6
Ablation study Method Dist | | Thr=40 1 | Thr=80 1 | Accuracy 1 | AUC |
ISA [2] (Ex.]) 152.7 8.5 249 0.41 0.41
- = s Method Dist | | Thr=301 | Thr=60 1 | Thr=90 1 ~ DAVT [1] (Ex.1) | 682 58.6 68.5 052 058
Contributions ST ¢ =15 3 577 O ISA ] (Bx2) | 107.1 56 36.7 062 | 064
. Hs wio g ' ' ' ' > DAVT [1] (Ex.2) | 46.6 72.9 80.7 0.61 | 057
C-1. Activity awareness Ours w/o a 39.2 75.5 86.2 01.3 Ours (Ex.2) 5.0 743 3.5 057 | 065
Location and action of each person are used for weighting Ours wio (o) | 774 29.7 69.7 76.6 i . . .
_ Ours w/o (B) | 14.3 95.1 98.6 99.2 Flexible estimation results
C-2. Interaction awareness Ours 1.4 96.3 989 99.6 DAVT [1]

Interactions among people attributes are modeled by self-attention
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Share activity as members in a group —

Ball detection vs. Ours
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